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Fixed RNN decoder provides long-term high performance
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- validating this approach with other datasets to evaluate how well it generalizes to other
- 5-10 mins closed-loop cursor control of a radial-8 task per participants and other tasks

session RESULTS: Distance metric hlghly correlates with online performance over 142 days - online implementation for tracking nonstationarity during kinematic control with an iBCl

Radial-8 task on a computer monitor,
- Collected 1832 trials over 15 sessions spanning across 142 days T11 is controlling the cursor (in white)

from center to outer target (in red)
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